lan Goodfellow et al., “Generat

Training GANS: TWO-p|ayer game Adversarial Nets”, NIPS 2014

Generator network: try to fool the discriminator by generating real-looking images
Discriminator network: try to distinguish between real and fake images

Real or Fake

f

Discriminator Network
Fake Images - | Real Images
(from generator) | ﬂ' - - (from training set)

3
Generator Network

A After training, use generator network to
generate new images

Random noise yA
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(b) Style-based generator
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Synthesis network
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1. HEKIRICE (Perceptual path length)
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IKiEIRfAs2  (blob-shaped artifacts)
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weight demodulation
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